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Data availability 

DMI radar data (C-band):

- Rømø

- Sindal

- Virring

- Stevns

- Bornholm
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DHI radar data (X-band):

- Aalborg

- Århus

- Vejle

- Odense

- Egedal

- Hørsholm

- Hvidovre



Teknologisk Institut. Sep 3 , 2009 ïMichael R. Rasmussen

Statisk kalibrering
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Hvidovre LAWR

37 rain gauges within 60 km

35 rain gauges within 30 km

29 rain gauges within 15 km
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Statisk kalibrering
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Time series example I
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Event Aug. 2, 2008

Accumulated rain depth, rain gauge 14.8 mm

Accumulated rain depth, radar 12.7 mm

R2 0.26
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Time series example II

Event Aug. 2, 2008

Accumulated rain depth, rain gauge 21.8 mm

Accumulated rain depth, radar 20.3 mm

R2 0.49

6

02-Aug-2008 00:00:00 02-Aug-2008 02:24:00 02-Aug-2008 04:48:00
0

0.05

0.1

0.15

0.2

0.25

0.3

0.35

0.4

0.45

R
a
in

 i
n

te
n

s
it
y
 (

m
m

/m
in

)

 

 

rain gauge

radar 500 x 500 m



Teknologisk Institut. Sep 3 , 2009 ïMichael R. Rasmussen

Statisk kalibrering af DMI radar

DMI calibration

Z=200· R1.6
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On-going research: Stochastic calibration approach

- The concept is to randomize the static and dynamic parameters which are used to 

calibrate the radars by appling a number of monte carlo runs

- By comparing the model with measured rain data it is possible using the GLUE-

concept to find the set of parameters which gives the best fit
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red dots:  simulations with a poorer fit 

compared to the static calibration

green dots: simulations with a poorer fit 

compared to the static calibration
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Stochastic calibration approach ðpreliminiary results

It is then possible to calculate the find the best set of parameters conditional 

on the observed rain and to calculate confidence bands 
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Storm and Wastewater Informatics (SWI)

Weather forecast model

(HIRLAM)

C-Band Weather Radar

X-Band Weather Radar
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Forecasting using radar data
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0 min. 15 min. 30 min. 60 min

Forecast example, July 7 2008, 14:25 ðAalborg radar

Obs.

CO-TREC

Global vector


